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A system in which science, informatics, incentives, and culture are
aligned for continuous improvement of the healthcare delivery

experience (IOM 2015).
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Data are....

Expensive

Often static

Messy

Difficult to integrate
Private

Difficult to analyze
Difficult to operationalize
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Phenotyping algorithms
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Common data models
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Centralized Analytics

Federated Analytics
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across types of systems,

across scales, and thus Women’S Health

across disciplines

which exhibit
common behaviors

giving rise to
a number of
hierarchical levels

dynamically
interacting

many
components

Emergent behavior that cannot
be simply inferred from the
behavior of the components
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Decomposability
Into Subsystems

Complex Systems Involve

A 'simple’
system
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Graph of Thoughts (GoT)
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Dataset GPT-40 Mini (%) RAG (%) ESCARGOT (%)

Openended 1-hop (508 questions)
Openended 2-hop (450 questions)
True/false 1-hop (560 questions)
True/false 2-hop (540 questions)
Multiple choice 1-hop (498 questions)
Multiple choice 2-hop (419 questions)

4.2
4.9
60.5
59.4
58.2
61.3

55.5
23.1
85.2
75.6
88.8
86.4

88.4
85.8
90.9
74.1
93.4
89.5
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Databases and ontologies

ESCARGOT: an Al agent leveraging large language models,
dynamic graph of thoughts, and biomedical knowledge
graphs for enhanced reasoning
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